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0 1 Images from FGVC benchmark datasets. Top: Oxford-
Flower102 [10]. Bottom: Caltech-Bird200-2010 [12].

0 1 Classification performance on FGVC datasets (%).

Flowers Birds
4 desc. (PCA64) 81.6 23.9
4 desc. (Ours) 87.2 28.1
8 desc. (PCA64 + Ours) 85.7 28.8
Previous Work 85.6 [2]  28.2 [13]

80.0 [7]  26.7 [2]

76.3[9] 264 [1]

pling0000000PCAOODOD 6400000000
O00o0oo0o0oo00oooooo0O CCAOOD 64
ooooooooOooooobOOobOooooboooooo
000 Fisher Vector DO O0O0O0O0O0O0D0O0O0OO0ODOO
ocoooooooooooboooooooooboOooo
oooooooooooooon

3.1 Oxford-Flower & Caltech-Bird 000000
goorGvCOOOoOOoOooooooooooooon
0 0 O O Oxford-Flower102 0 0 0 0 0O O [10] O Caltech-
Bird200-2010 000000 [12] (0 1)0000O0OOO
oooDoooole0boooooooo2o0o0ooon
ooooooooooooooooooooooooon
ooooooooooooon
Ol10o00ooooooooooopCADODODOOO
00000000000 00000 Fisher Vector 00 0O
O (PCA64)0D000OO0O0OO0DDOOOOOUODDOOO
ooooooooooooooooooooooooon
ooooooooooooooooon

3.2 ImageCLEF’13 Plant Identification
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0 2 Images from ImageCLEF’13 plant identifiation challenge.

0 2 Results on ImageCLEF’13 plant identification challege
(NaturalBackground task). MAP scores are evaluated.

Leaf Flower  Fruit Stem  Entire All

Ours 0.275 0.472 0.311 0.253 0.297 | 0.393
INRIA 0.272 0.494 0.260 0.240 0.274 0.385
Sabanci 0.049 0.223 0.194 0.106 0.174 0.181
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