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Abstract In the field of click-through rate (CTR) prediction of pay per click display ads, the latency and the
cold-start problem, which is a difficulty in CTR prediction regarding users and ads with little historical data, are
fundamental problems. In this work, we propose a content-based CTR prediction method applying a generic image
recognition methodology. Our proposed method is completely content-based using image similarity; therefore, we
expect it to enable a CTR prediction even for users and items with little historical data. Finally, we evaluate our
proposed method with datasets of display ads and confirmed its effectiveness.
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